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Abstract 
This paper studies the incidence and duration of unemployment in Canada at 
an aggregate and a number of disaggregated levels with data from the Canadian 
Labour Force Survey covering 1976 to 2006. The principal empirical findings 
indicate that most of the changes in steady state unemployment rates during 
the study period can be attributed to changes in incidence rather than changes 
in expected duration. 
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Executive Summary 
 
This paper examines the expected duration and incidence of unemployment 
spells using Canadian data from Statistics Canada's Labour Force Survey (LFS), 
covering the period between 1976 and 2006. These models are estimated at 
both the aggregate and disaggregated level (e.g., demographic groups, type of 
unemployment spell and province). In order to account for some changes in EI 
legislation and changes in the LFS that occurred in 1996, the models are also 
estimated for the 1976-1996 and 1997-2006 periods. The analysis produces a 
number of new findings about unemployment duration and incidence in Canada. 
 
First, like previous U.S. estimates, unemployment duration is counter-cyclical in 
Canada during the study period, but this pattern is not as strong as that observed 
in the United States. Second, most of the steady state changes in unemployment 
rates cannot be attributed to changes in the expected duration of unemployment 
spells at the aggregate level. This finding is also observed when the data is 
disaggregated for a number of different demographic groups. Most of my 
estimates indicate that changes in expected duration account for about 30-40 
percent of steady state increases in unemployment rates. This differs from most 
U.S. evidence that indicates changes in duration play a bigger role than 
incidence for steady state changes in unemployment rates. For example, U.S. 
estimates from comparable methodologies indicate about 60 percent of 
increases in unemployment rates can be attributed to changes in expected 
duration. Other more recent U.S. studies that use different methodologies also 
indicate that duration has a bigger effect on unemployment rates. Third, there are 
substantial differences in the cyclicality of unemployment duration when the data 
is disaggregated by province. In particular, duration plays a much larger role in 
the steady state increases in unemployment rates in Ontario and the Western 
provinces than in Quebec and the Atlantic provinces where changes in incidence 
are more important. Fourth, there is some cyclical variability in the incidence of 
unemployment for many demographic groups and types of unemployment spells. 
This is particularly true for young adults who are enrolled in school, who have 
unemployment spells that are counter-cyclical in nature. Fifth, there is a negative 
trend in the expected duration of unemployment in Canada between 1976 and 
2006 at both the disaggregated and aggregated levels. Moreover, this trend 
becomes much stronger between 1997 and 2006. There is also some evidence 
of a negative trend in the incidence of unemployment in many of the subgroups 
that are examined, but this trend is not as strong as that observed in the duration 
regressions. 
 
 These findings provide some new insights into the characteristics and variability 
of unemployment in Canada. It is clear that these Canadian findings differ from 
many of the established results from U.S. data. One plausible explanation for 
these differences may lie in the regional differences in labour markets in Canada. 
My estimates indicate that there is a much larger role for incidence influencing 
changes in unemployment rates in the Quebec and the Atlantic provinces, while 



duration is more important in Ontario and the Western provinces. While regional 
differences in labour markets in Canada are not surprising, the effect of these 
differences on aggregate unemployment dynamics has not been closely 
explored. This is an important question for future research to address. 
 
 From the perspective of policy makers, these regional differences mean that 
initiatives that may well suited for some regions in the Canada, may not be well 
suited for others. This raises the issue of what is the optimal strategy for the 
development of policy to deal with unemployment. In particular, should policy 
initiatives be more segmented and tailored to fit a particular province instead of 
treating all regions equally? This is also an important question for future research 
to address. 



1 Introduction

Cyclical changes in unemployment can be an important characteristic of

the labor market. These changes will depend on the flows into and out of

unemployment. Understanding the nature of these changes can be quite im-

portant from the perspective of policy makers, who may be interested in the

composition and characteristics of these inflows and outflows and how they

contribute to unemployment. In particular, cyclical and long-term variation

in aggregate unemployment rates could reflect changes in the incidence of

new spells or, alternatively, changes in the average duration of unemploy-

ment. Once the nature of these changes in the flows and stock of unemployed

persons are understood it may be easier to design the appropriate policies

to better deal with unemployment.

A number of studies have examined these issues using U.S. data. Ear-

lier U.S. studies, which used data from the 1950s, 1960s and 1970s and

utilized estimators of expected duration based on steady state frameworks,

found that changes in incidence were more important than changes in dura-

tion when looking at changes in unemployment rates. The studies by Sider

(1985) and Baker (1992a,b) used non-steady state estimators of duration

and found that changes in U.S. unemployment rates were mostly due to

changes in duration rather than changes in the incidence of unemployment

spells based on data from the 1970s and 1980s. Moreover, Sider (1985) and

Baker (1992a,b) have also determined that there are biases associated with

estimators based on steady state frameworks and, consequently, have advo-

cated the use of non-steady state estimators, which are not as prone to these

systematic biases.

In contrast, there is very little (if any) evidence on the cyclical nature

of unemployment incidence and duration in Canada as well as the trends in

the incidence and duration of unemployment spells. As has been recognized
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in the literature (e.g., among others, Ashenfelter and Card (1986), Card and

Riddell (1993), and Baker, Corak and Heisz (1998)), there are differences

in the labor market and labor market institutions between Canada and the

United States that mean it might not be possible to generalize findings from

the United States to Canada.

This paper studies the incidence and duration of unemployment in Canada

with aggregated grouped data. The duration estimates are obtained using a

non-steady state estimator based on data from the Canadian Labour Force

Survey from 1976 to 2006. While steady state estimators assume an equi-

librium between unemployment inflows and outflows, the non-steady state

frameworks, do not rely on this assumption. The analysis focuses on a num-

ber of key issues. First, to determine whether changes in unemployment

rates can be attributed to changes in duration or incidence. Second, to as-

sess the extent of the cyclicality in Canadian unemployment spells. Third, to

examine the trends in the duration and incidence of unemployment spells.

These issues are examined at an aggregate level and a number of disag-

gregated levels (i.e., different demographic groups, types of unemployment

spells and by province).

The empirical results provide a number of new findings about the inci-

dence and duration of unemployment in Canada. First, like previous U.S.

estimates, unemployment duration is found to be counter-cyclical in Canada

between 1976 and 2006, but this variation is much smaller than that observed

in U.S. data. Second, unlike the U.S., most of the steady state changes in

unemployment rates in Canada can be attributed to changes in incidence

rather than expected duration at the aggregate level. This conclusion also

holds when the data is disaggregated for a number of different demographic

groups. This differs from the most comparable as well as more recent U.S.

evidence that indicates changes in duration play a bigger role than incidence
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for changes in unemployment rates. This suggests a difference in the cyclical

variability of unemployment between Canada and the United States. Third,

there are substantial differences in the cyclicality of unemployment dura-

tion when the data is disaggregated by province. In particular, changes in

expected duration play a much larger role in the steady state increases in

unemployment rates in Ontario and the Western provinces, than in Quebec

and the Atlantic provinces where changes in incidence are more important.

Fourth, the estimates also indicate that there is some cyclical variability

in the incidence of unemployment for many demographic groups, types of

unemployment spells and by province. However, there is no clear pattern

in this variation: some groups have pro-cyclical incidence, while others have

counter-cyclical incidence. Fifth, unlike the existing U.S. literature, the re-

sults in this paper indicate that there is a negative trend in the expected

duration of unemployment at the aggregate level and for almost all of the

subgroups that are considered. This trend becomes much larger in the more

recent years in our study period (1997-2006). There is also some evidence of

a negative trend in the incidence of unemployment in many of the subgroups

that are examined, but this trend is not as strong as that observed in the

duration regressions.

2 Data and Methodology

The analysis in this paper is based on the methods used by Sider (1985) and

Baker (1992a), which employ non-steady state measures of unemployment

continuation probabilities. Earlier U.S. work relied exclusively on estimators

of expected duration that were based on steady state frameworks (e.g., Kaitz

(1970)), which assumed that the number of persons leaving unemployment

are equal to the number entering unemployment. Sider (1985) emphasized

the benefits of using non-steady estimators in studies looking at the cyclical
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variation of average unemployment duration. In particular, he noted the

tendency of the steady state estimators to overestimate expected duration

at cyclical peaks and underestimate expected duration during recessions.

Consequently, the non-steady state estimators can provide a more accurate

representation of expected durations than the estimators based on steady

state frameworks.

The non-steady state methodology uses synthetic cohorts that estimate

the unemployment continuation probability for different groups at an ag-

gregated level (i.e., not at the individual level). These continuation proba-

bilities are then used to compute an estimate of the average unemployment

duration for each group. The synthetic cohorts in this paper are based on

data from the public release files of Statistics Canada’s Labour Force Sur-

vey (LFS) from January 1976 to June 2006.1 This period contains a great

deal of changes in economic conditions in Canada. More specifically, the

study period captures the recovery period following the recession of 1974-

1975, the recessions of 1981-1982 and 1991-1992, the period of the economic

slowdown/slow-growth that took place during the early- to mid-1990s and

the economic slowdown that occurred in 2001 (Riddell (2005)).

I define fi(j, t) as the conditional probability that group i has an unem-

ployment spell of j − 1 months that continues into the jth month at time t.

This conditional probability can be expressed as

fi(j, t) =
ni (j, t)

ni (j − 1, t− 1)
, (1)

where ni (j, t) is the number of (observed) individuals in group i in the pop-

ulation with an unemployment spell of at least j months but less than j+1

months in month t and ni (j − 1, t− 1) is the number of (observed) individ-

uals in group i in the population with an unemployment spell of at least j−1
1The LFS files, which are based on the 2001 Census weights, were obtained from the

data library service at the University of Toronto.
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months but less than j months in month t−1. Equation (1) is a non-steady

state estimator of the continuation probability because it is does not assume

an equilibrium between the flows into and out of unemployment. Conse-

quently, the non-steady state estimators of the unemployment continuation

probabilities are based on the actual experience of unemployed persons in a

particular demographic group. However, because a synthetic panel is used

the individuals represented in the numerator are not the same as those in

the denominator.

For each group i, (using equation (1)) I compute monthly estimates of 6

continuation probabilities based on the following ratios:

fi (1, t) =
number unemployed 5− 8 weeks in month t

number unemployed < 5 weeks in month t− 1 ;

fi (2, t) =
number unemployed 9− 12 weeks in month t

number unemployed 5− 8 weeks in month t− 1 ;

fi (3, t) =
number unemployed 13− 16 weeks in month t

number unemployed 9− 12 weeks in month t− 1 ;

fi (4− 6, t) =
number unemployed 27− 39 weeks in month t

number unemployed 13− 26 weeks in month t− 3 ;

fi (7− 12, t) =
number unemployed 53− 78 weeks in month t

number unemployed 27− 52 weeks in month t− 6 ; and,

fi (13− 24, t) =
number unemployed 99 + weeks in month t

number unemployed 53− 98 weeks in month t− 12 .

The estimates for fi(4 − 6, t), fi(7 − 12, t) and fi(13 − 24, t) are raised to

the power of 1/3, 1/6 and 1/12 (respectively) in order to convert them to

monthly equivalents and make them correspond with fi(1, t), fi(2, t) and
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fi(3, t). These continuation probabilities are used to compute an estimate

of the expected duration of unemployment using the following relationship

Di (t) =
NX
x=1

xY
j=1

fi(j, t). (2)

Because of the lags involved with the computation of fi(13− 24, t) the esti-

mates of the unemployment durations can only be computed between Jan-

uary 1977 and June 2006.2

Baker (1992a,b) also highlighted that there could be biases in the esti-

mates of the expected duration of unemployment because of digit prefer-

ences, which is the tendency of individuals to report the length of their cur-

rent unemployment spell in integer multiples of one month.3 In order to deal

with these problems Baker (1992a,b) suggested smoothing the data prior to

estimating the continuation probabilities used to compute the expected du-

rations of unemployment spells. In particular, Baker (1992b) provides a

preferred smoothing procedure for data from the U.S. Current Population

Survey (CPS). However, Corak and Heisz (1996) found that this would not

be the best choice for smoothing data from the Canadian LFS. Corak and

Heisz (1996) found that a smoothing procedure that reallocates 50 percent

of individuals at the longest duration to the second longest duration and 30

percent for the other durations to the neighboring intervals would be more

appropriate for the LFS than the procedure Baker (1992b) suggested for

the CPS. I have followed Corak and Heisz’s suggestion when smoothing the

continuation probabilities prior to computing the expected durations in this

analysis.
2Corak (1996) also used this framework to estimate unemployment durations for

Canada using LFS data from 1977 to 1992. However, Corak did not estimate the duration

and incidence regressions that are examined in this paper. Consequently, his paper does

not contain answers to the questions that are being examined in this paper.
3Similarly, there could also be calendar effects, which is the tendency of spells to begin

(end) at the beginning (end) of a month (Campolieti (2000)).
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These aggregate data can also be used to determine the size of a cohort

entering unemployment and examine the incidence of unemployment. The

estimate of group i’s entrance share is

si (t) =
ni (< 5, t)

n (< 5, t)
, (3)

where ni (< 5, t) is the number of individuals in demographic group i that

report unemployment durations of less than 5 weeks and n (< 5, t) is the

number of individuals in the aggregate population reporting a duration of

less than 5 weeks. However, as noted by Baker (1992a), the limitation of the

entrance share variable is that it combines information on incidence with

information on unemployment duration. This means that an increase in the

entrance share over time by a group could result from one of three factors:

1) an increase in the incidence of unemployment; 2) lower exit rates from

unemployment during the first few weeks of an unemployment spell; and, 3)

some combination of 1) and 2).

In order to examine the cyclical movements in the expected duration of

each group’s unemployment spells, I estimated the following regression

lnDi (t) = α+ β lnUR (t) +Month0Ξ+ γt+ ui(t), (4)

where lnDi (t) is the log of the expected duration for group i, lnUR (t) is

the log of the seasonally unadjusted unemployment rate (both sexes, persons

aged 15 to 64) in Canada,Month is a vector of month dummies, t is a linear

time trend and ui(t) is a residual.4

The cyclical movements in the entrance shares are examined by estimat-

ing the following regression

si (t) = α+ βUR (t) +Month0Ξ+ γt+ ei(t), (5)
4The seasonally unadjusted unemployment rate was obtained from Statistics Canada’s

CANSIM database.
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where si (t) is the entrance share for group i, the other variables are de-

fined as above and ei(t) is a residual. The entrance share regressions were

estimated using ordinary least squares.5

3 Empirical Findings

3.1 Duration Estimates

The estimates from the duration regressions are presented in Tables 1 and 2.

Using equation (2), the expected duration for unemployment spells from the

aggregate Canadian data during the period covered by this study (January

1976 and June 2006) is 2.35 months.

I plotted the expected duration of unemployment spells in Figure 1.

The plot in Figure 1 illustrates the variability of the expected duration of

unemployment spells. The expected durations are longest during recessions

and fall during the recovery periods. Also the expected duration of spells

has been declining somewhat over the study period, with the longest spells

in the late-1970s and early-1980s. While there is a cyclical pattern in the

1970s and 1980s, the pattern after 1990 is different. In the 1990s there is a

marked decrease in the expected duration of unemployment spells after 1996.

Two factors could have contributed to this change. First, there were major

changes in Employment Insurance (EI) legislation taking effect in 1997 that

could have had an effect on the duration of unemployment spells as well as

their incidence (Gray (2004)).6 Second, there was a redesign of the LFS and
5The entrance share regressions were also estimated as a censored regression model.

Unfortunately, the estimator did not converge for all of the subsamples and demographic

groups that were examined. However, for those subgroups where the censored regression

estimator did converge it produced estimates that were identical to the ordinary least

squares estimates that are presented in Tables 3 and 4.
6These changes included more stringent eligibility criteria, reducing benefits for repeat
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a change in the way the information was collected that also occurred at this

time.7 Consequently, the data collected before 1997 may not be comparable

to the data collected after 1997. In order to account for this difference I

also estimated the duration regressions using the data for 1976-1996 and

1997-2006. Note that because of the lags involved in the computation of the

conditional probabilities used to create the expected durations, the first 12

months in each of these two sub-periods are used to compute the conditional

probabilities in the following year. I discuss the estimates for the pooled

sample first (1976 and 2006) and then discuss whether there are differences

in the estimates before and after 1997.

The LFS also changed its education question in 1990, which means that

it is not possible to get a definition of high school graduate that is consistent

across the study period. This means that I had to present some estimates

for different levels of high school education in Table 2 based on the different

education questions. Table 1 does contain estimates for educational attain-

ment based on a university degree, which is the only consistently defined

education grouping that can be created between 1976 and 2006.

The pooled (aggregated) sample produced an unemployment rate elas-

ticity for duration of 0.37 (see the first row in Table 1). This suggests that

a 1 percentage point increase in the unemployment rate (or an 11.4 percent

increase relative to the mean unemployment rate of 8.77 percent during

the study period) would be associated with a 4.2 percent increase in un-

employment duration. The elasticity estimate suggests that only about 37

percent of a steady-state increase in the unemployment rate is accounted for

by changes in the duration of unemployment.8 In contrast, Baker (1992a)

users, and stronger incentives to work longer in the qualifying period.
7The LFS switched from pencil and paper interviewing to CATI interviewing as well

as more extensive use of telephone interviewing.
8The unemployment rate in a steady state can be expressed as the incidence rate
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found that about 60 percent of steady state increases in unemployment rates

could be attributed to changes in expected duration with U.S. data from 1979

to 1988. My estimates, like those in Baker (1992a) and others, suggest that

unemployment duration in Canada is counter-cyclical, but this variation is

much smaller than that observed in the U.S. data.

Since my study period overlaps Baker’s, I also estimated the duration

regression using data from 1979 to 1988 to get a comparable Canadian esti-

mate. In other words, I use the same methodology and the same study period

as Baker (1992a). I obtained a statistically significant elasticity of 0.35 with

the Canadian data, which indicates that only 35 percent of a steady increase

in unemployment rates can be attributes to changes in the expected duration

of unemployment spells. This additional estimate confirms that there is a

large difference between the factors driving unemployment rates in Canada

and the United States.

The next set of estimates in Table 1 presents the unemployment rate elas-

ticities for duration by the type of unemployment spell: layoffs (temporary

layoff), job losers (i.e., permanent layoff), quits, new entrant to the labor

market, and reentering the labor market. These estimates differ somewhat

from the estimate for the aggregate sample. The estimate for the layoffs

sub-sample is not statistically significant, while the elasticity for the job

losers is quite small (0.11) relative to the benchmark set by the aggregate

data (0.37). On the other hand, the elasticities for the quits (0.65) and new

entrants (0.48) are considerably larger than the estimate from the aggregate

data. The estimates for the quits and new entrants indicate that 65 and 48

percent of steady state increases in unemployment rates can be attributed to

changes in expected duration for these types of unemployment spells. Only

multiplied by average duration. Taking the logarithm of this relationship leads to the

interpretation of the estimates provided in the text and Baker (1992a).
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the estimate for the re-entrants is similar in magnitude to the aggregate

estimate.

Table 1 also presents the estimates for various demographic groups, by

gender and age. The estimates for males and females are quite similar to

the aggregate estimate. I also looked at different university education and

gender groups. The university/no-university estimates for males are larger

than the aggregate estimate, while those for women are smaller than the

aggregate estimate.

The estimates that are disaggregated by gender and age also present some

interesting findings. For males, the largest estimate (0.42) is for youths and

young adults, while the prime age and older males have a somewhat smaller

estimates. A similar pattern is also observed for females; the elasticity for

youths and young adults tend to be larger than the estimates for prime age

and older females.

A further analysis of the youths and young adults was also conducted by

school enrollment status (enrolled versus non-enrolled). The youth subgroup

is of particular interest because poor initial experiences in the labor market

for this group could lead to future unemployment or poor labor market

outcomes. For both males and females the elasticity for enrolled youths and

young adults is larger than those for non-enrolled youths and young adults.

This difference in the size of the elasticities may be the result of enrolled

teenagers and young adults relying more on part-time and seasonal work,

which could be impacted more severely during an economic downturn.

The remaining rows in Table 1 present the duration elasticities by province.

There is a great deal of variation in the duration elasticities by province.

The duration elasticities for Prince Edward Island and New Brunswick were

less than 0.1, but they were not precisely estimated. Newfoundland and

Nova Scotia had statistically significant duration elasticities of about 0.25.
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Quebec also had a duration elasticity that was slightly smaller than the ag-

gregate estimate. In contrast, Ontario had an elasticity of about 0.46, which

is larger than the aggregate estimate. The Western provinces also tended

to have larger duration elasticities. The largest estimate was for Alberta,

0.73, which clearly indicates that changes in duration matter more than

changes in incidence. The estimates for the other three Western provinces

were not as large, lying between 0.39 and 0.44. The estimates from the du-

ration regressions disaggregated by province suggest that incidence plays a

much larger role in the unemployment dynamics in the Atlantic provinces

and Quebec, than in Ontario and the Western provinces.

The estimates for the data based before and after 1997 are presented in

the remaining columns of Table 1. For the period between 1976 and 1996,

the estimates are quite similar to those for the whole study period presented

in the first column. However, the estimates for the period between 1997

and 2006 are somewhat different. Most of the estimates tend to be slightly

smaller than those before 1997. However, most of the elasticities are not

precisely estimated, so the pattern in the estimates is difficult to ascertain

with confidence. The estimates of the duration elasticities for some provinces

are statistically significant. Alberta and Ontario had smaller elasticities in

the 1997-2006 period, relative to the 1976-1996. On the other hand, British

Columbia andManitoba had bigger elasticity estimates during the 1997-2006

period, relative to the estimates based on the 1976-1996 period..

Table 2 presents the duration elasticities by high school educational at-

tainment. As noted earlier, the LFS education variable was changed in

1990. After the change it was possible to identify high school graduates,

but this was not possible prior to 1990. Prior to 1990, the aggregate elas-

ticity was 0.31. For males with grade 11 or less, the elasticity was similar to

the aggregate estimate, but the elasticity for males with “more than grade
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11” grouping had a larger elasticity (0.41). The estimates for women were

smaller than those for men. The “grade 11 or less group” had an elasticity

of 0.17, while the “more than grade 11” group had an elasticity of 0.27.

For the period between 1990 and 2006 the aggregate duration elasticity was

0.19, which is much smaller than the estimate for the period prior to 1990.

However, most of the duration elasticities for the high school graduate/non-

graduate were not precisely estimated, most of them were not statistically

significant. I also estimated regressions for the high school graduates/non-

graduates for the 1997-2006 period and obtained estimates that were larger

than those presented in Table 2, but none of these estimates were statisti-

cally significant.

Overall, the estimates from Table 1 indicate that the cyclical variation in

the expected durations of unemployment spells in Canada is less than that

observed in the U.S. At the aggregate and disaggregated level about 30-40

percent of a steady state increase in the unemployment rate is accounted for

by changes in expected duration. Unlike the most comparable estimates (in

terms of methodology and similar study periods) from the U.S., in Canada

most of the steady state changes in unemployment rates can be attributed to

changes in incidence rather than changes in the duration of unemployment

spells. While most of the estimates in this paper differ from U.S. estimates

like those in Baker (1992) and Sider (1985), they are not out of line with

earlier U.S. studies that used data from before the 1970s. For example,

Perry (1972) found that changes in incidence played a more prominent role

influencing unemployment rates than changes in duration for youths relative

to adults, using data from 1954 to 1972.

The evidence on the factors driving unemployment obtained with other

methodologies also does not converge to a common conclusion. For exam-

ple, Blanchard and Diamond (1990) examined Current Population Survey
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(CPS) gross flows data from 1968 to 1986 and found that incidence con-

tributed more to changes in unemployment rates than changes in duration.

On the other hand, Abbring, van den Berg and van Ours (2001) used ag-

gregate U.S. unemployment data from the CPS for the period covering 1968

to 1992 to study the variation in the flows into unemployment as well as

the aggregate unemployment duration distribution and also found estimates

that were consistent with those in Sider (1985) and Baker (1992a). More

specifically, their estimates indicated that cyclical variation in unemploy-

ment durations accounted for at least 50 percent of the cyclical variation in

the log of the unemployment rate.

More recently, Shimer (2005) studied job finding (i.e., the hazard rate

for exiting unemployment) and separation probabilities in the United States

from 1948 to 2004. Note that the job finding probability in Shimer’s analy-

sis is not directly comparable to the hazard rates computed in my analysis

because they cannot be used to compute expected durations. Shimer’s analy-

sis indicates that the job finding probability in the U.S. is very pro-cyclical.

Moreover, Shimer’s estimates also indicated that there was not a great deal

of cyclical variation in the separation probability in the U.S., particularly

in the 1980s and 1990s. Shimer’s findings suggest that duration plays a

stronger role than incidence in influencing unemployment rates.

Elsby, Michaels and Solon (2007) replicated Shimer’s analysis of the U.S.

data using a log scale and added a few refinements to his methodology. The

analysis of Elsby et al. (2007) confirms Shimer’s findings on the job finding

probability (i.e., duration plays a strong role in influencing unemployment).

However, they also found using Shimer’s data and methods that there was an

important role for countercyclical inflows into unemployment (which differ’s

from Shimer’s conclusion) if they are viewed in what Elsby et al. (2007)

refer to as the “correct perspective”.
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Elsby, Micheals and Solon (2007) also look at the differences in unemploy-

ment dynamics in more recent decades compared to earlier decades. Their

analysis indicates that the flows into and out of unemployment in more re-

cent U.S. data do differ from those in earlier time periods. More specifically,

the period covered by the last two U.S. recessions (i.e., the years since 1991.

Moreover, they also found differences in unemployment patterns between the

last two recessions and previous recessions. In addition, Elsby et al. argue

that weak aggregate inflow effect that Shimer (2005) found in his preferred

analysis are a feature of the last two recessions, which also differs from ear-

lier periods. These findings suggest that unemployment dynamics in more

recent U.S. data differ from those from earlier time periods. There are some

parallels in this paper’s analysis to the differences in the pre- and post-1991

recession differences found by Elsby, Michaels and Solon (2007). In particu-

lar, the smaller duration elasticities I find for the 1990-2006 period in Table

2 as well as some of the differences between the 1976-1996 and 1997-2006

period in Table 1.

Another important finding from the expected duration regressions pre-

sented in Tables 1 and 2 are the estimates on the time trend. The coefficient

estimates on the time trend variable are all negative and statistically sig-

nificant with a few exceptions. The size of the decreases in the duration of

unemployment spells does depend on the sample period being considered.

For the 1976-2006 and 1976-1996 the estimates on the time trend imply de-

creases in expected duration of less than 1 percent per annum. However,

for the period between 1997 and 2006 the estimates on the time trend imply

much larger decreases in the expected duration of unemployment spells. For

example, for the aggregate group the time trend suggests a decrease of 1.8

percent per annum. Some of the estimates for the gender and education

groups imply decreases in the duration of unemployment spells of about 2
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percent per annum or more. These results differ from U.S. estimates based

on data from earlier time periods, which have found a positive trend.9 This

difference could reflect an improvement in the labor market prospects in

Canada during the study period relative to earlier decades. This is also

consistent, as we noted earlier, with Elsby et al. (2007) who found differ-

ences in the characteristics of unemployment data before and after the 1991

recession.

There are a few explanations that could be consistent with the strong

negative trend in the duration of unemployment spells during the 1997-2006

period. First, there were no major recessions during the 1997-2006 period,

unlike the 1976-1996 period. Second, some of the changes in EI legislation

that took effect in 1997 could have reduced the length of unemployment

spells.

3.2 Incidence Estimates

The estimates for the entrance share regressions are presented in Table 3

by demographic group, type of unemployment spell and province. Table 4

contains additional estimates for educational attainment, defined by level of

high school completed. Like the duration estimates, I discuss the estimates

for the pooled sample period first and then discuss the estimates for the two

sub-periods (i.e., 1976-1996 and 1997-2006).

There is some variation in the size of the entrance share elasticities by the

type of separation. The largest unemployment rate elasticities are obtained

for the quits and new entrants. These estimates indicate that the incidence

of unemployment spells due to quits and new entrants to the labor market
9Abbring et al. (2002) also found an upward trend in the duration of unemployment

spells (i.e., lower exit probabilities) in quarterly French data from 1982 to 1994.
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are counter-cyclical. The estimate for job losers (i.e., permanent layoffs) is

also fairly large. However, unlike the estimates for quits and new entrants,

it suggests that the incidence of ‘job loser’ spells are pro-cyclical. The

elasticity estimates for layoffs and reentrants tended to be much smaller than

the others based on the type of unemployment spell. The estimate for the

layoffs is not statistically significant, while those for re-entrants to the labor

market are counter-cyclical and statistically significant.

The entrance share elasticity for males is positive and statistically sig-

nificant, while that for females is negative and statistically significant. This

indicates that unemployment incidence for males is pro-cyclical, while that

for females is counter-cyclical. However, neither of these estimates suggests

a particularly large effect. Disaggregating the data by gender and university

degree also produces small elasticities for men, while those for women are

not statistically significant.

Disaggregating the data by age and gender produces some interesting

patterns in the estimates from the entrance share regressions. In particular,

the prime age (aged 25-44) and younger males (aged 15-24) have larger

elasticities than the older males. More specifically, the prime age males have

an entrance share elasticity of about 0.5 and the young adults and youths

have an elasticity of -0.3, while the older males have a much smaller elasticity

of -0.11. A similar pattern also emerges for females, but the magnitudes

differ from those observed for males. The prime age women have an entrance

share elasticity of about 0.28, but the young females have an elasticity of

about -0.37. The elasticity for older women is -0.17, but not statistically

significant. These estimates indicate that, for both males and females, the

incidence patterns for these cohorts is counter-cyclical for the 15-24 and the

45-64 age group, but pro-cyclical for the prime age group. The oldest age

group displays much less cyclical variability than the prime age and youth
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groups. Card and Riddell (1993), in their work looking at the difference

between U.S. and Canadian unemployment rates, found that the incidence of

unemployment in Canada tended to be concentrated among younger persons.

The estimates in Table 3 are consistent with their finding.

The estimates for the entrance share regressions, like those from the du-

ration regressions, indicate that the youngest age groups (15-24) are quite

sensitive to changes in the unemployment rate. Like the duration regres-

sions, I also estimated the entrance share regressions by enrollment status.

These regression estimates indicate for both gender disaggregations that the

entrance share elasticities are much larger for the enrolled group. They also

indicate that the incidence of unemployment for the young adults, regardless

of enrollment status, would be counter-cyclical.

While there is quite a bit of regional variation in the duration elastic-

ities, the regional variation in the entrance share elasticities is much more

moderated. Most provinces have relatively small entrance share elasticities

for the 1976-2006 period.

Conducting the analysis by splitting the study period before and after

1997 also produces some differences in the estimates of the entrance share

elasticities. For the groupings based on demographics and the type of un-

employment spell the entrance share elasticities tended to be smaller in the

1997-2006 period. However, in the disaggregation by province the entrance

share elasticities tended to be larger in the 1997-2006 period. There are also

some changes in whether unemployment incidence is pro- or counter-cyclical

between the 1976-1996 and 1997-2006 period. There are a few plausible

explanations for this switch in the nature of cyclicality of the incidence of

unemployment spells. First, the changes in the data collection methods in

the LFS could have changed the reporting patterns in unemployment spells.

Second, the changes in EI legislation could have had an impact on the inci-
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dence of unemployment spells after 1997.

The estimates for different levels of educational attainment also reveal

some interesting findings. For women with lower levels of educational attain-

ment (whether it is less than grade 11 or not graduating from high school)

the entrance share elasticities tend to be larger and counter-cyclical. Also

the incidence of unemployment for women disaggregated by high school ed-

ucational attainment is counter-cyclical regardless of the period. On the

other hand, the estimates for males depend on the period being considered.

During the 1976-1989 period, males with more than a grade 11 education

have a larger incidence elasticity. Also the “more than grade 11” group

has pro-cyclical incidence, while the “grade 11 or less” grouping is counter-

cyclical. For the 1990-2006 period the “did not graduate from high school”

group did not have a statistically significant estimate, while the males who

graduated from high school had statistically significant elasticity of -0.11.

While the coefficient estimates on the time trend from the duration re-

gressions are almost all negative, the estimates on the time trend from the

entrance share regressions do not have a clearly defined pattern. About half

of the coefficient estimates on the time trend are negative, while the rest are

positive. Unlike the duration estimates, the estimates on the time trend are

quite similar across different periods (i.e., 1976-1996 and 1997-2006). The

literature based on U.S. data has found an upward trend in the incidence

of unemployment.10 Consequently, these results (like the estimates on the

time trend from the duration regressions) also represent a difference relative

to U.S. studies because they suggest a negative trend in the incidence of

unemployment at some disaggregated levels.
10Abbring et al. (2002) also found an upward trend in the incidence of unemployment

spells based on quarterly aggregate data from France for the period between 1982 and

1994.

19



4 Concluding Remarks

This paper examined the expected duration and incidence of unemployment

spells using Canadian data from Statistics Canada’s Labour Force Survey,

covering the period between 1976 and 2006. The analysis in this paper pro-

duces a number of new findings about unemployment duration and incidence

in Canada.

First, like previous U.S. estimates, unemployment duration is counter-

cyclical in Canada during my study period, but this pattern is not as strong

as that observed in the United States. Second, most of the steady state

changes in unemployment rates cannot be attributed to changes in the ex-

pected duration of unemployment spells at the aggregate level. This finding

was also observed when the data was disaggregated for a number of differ-

ent demographic groups. This differs from most U.S. evidence that indicates

changes in duration play a bigger role than incidence for steady state changes

in unemployment rates. Third, there are substantial differences in the cycli-

cality of unemployment duration when the data is disaggregated by province.

In particular, changes in expected duration play a much larger role in the

steady state increases in unemployment rates in Ontario and the Western

provinces, than in Quebec and the Atlantic provinces where changes in in-

cidence are more important. Fourth, there is some cyclical variability in

the incidence of unemployment for many demographic groups and types of

unemployment spells. This is particularly true for young adults who are

enrolled in school, who have unemployment spells that are counter-cyclical

in nature. Fifth, there is a negative trend in the expected duration of un-

employment in Canada between 1976 and 2006 at both the disaggregated

and aggregated levels. Moreover, this trend becomes much stronger between

1997 and 2006. There is also some evidence of a negative trend in the in-

cidence of unemployment in many of the subgroups that are examined, but
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this trend is not as strong as that observed in the duration regressions.

These findings provide some new insights on the characteristics and vari-

ability of unemployment in Canada. It is clear that these Canadian findings

differ from many of the established results from the U.S. data. One plausible

explanation for these differences may lie in the regional differences in labor

markets in Canada. My estimates indicate that there is a much larger role

for incidence influencing changes in unemployment rates in the Quebec and

the Atlantic provinces, while duration is more important in Ontario and the

Western provinces. While regional differences in labor markets in Canada

are not surprising, the effect of these differences on aggregate unemployment

dynamics has not been closely explored. This is an important question for

future research to address.

From the perspective of policy makers, these regional differences mean

that initiatives that may well suited for some regions in the Canada, may not

be well suited for others. This raises the issue of what is the optimal strategy

for the development of policy to deal with unemployment. In particular,

should legislation be more segmented and tailored to fit a particular province

instead of treating all regions equally? This is also an important question

for future research to address.
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Figure 1: Expected Duration of Unemployment Spells in Canada, 1977-2006
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Table 1: Expected Duration Regressions  
 
 1976-2006 1976-1996 1997-2006 
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Aggregate 0.365*** 

(0.030) 
-0.006*** 

(0.001) 
0.305*** 
(0.025) 

-0.002** 
(0.001) 

0.276 
(0.209) 

-0.017** 
(0.007) 

       
Layoffs 0.013 

(0.033) 
0.003*** 
(0.001) 

0.032 
(0.035) 

-0.003*** 
(0.001) 

0.079 
(0.224) 

-0.002 
(0.008) 

Job losers 0.107*** 
(0.035) 

-0.004*** 
(0.001) 

0.164*** 
(0.024) 

-0.006*** 
(0.001) 

0.219 
(0.284) 

-0.009 
(0.010) 

Quits 0.651*** 
(0.051) 

-0.007*** 
(0.001) 

0.566*** 
(0.050) 

0.001 
(0.001) 

0.522 
(0.312) 

-0.026** 
(0.011) 

New entrants 0.481** 
(0.043) 

-0.006*** 
(0.001) 

0.350*** 
(0.058) 

-0.000 
(0.001) 

0.156 
(0.141) 

-0.027*** 
(0.005) 

Reentrants 0.333*** 
(0.025) 

-0.005*** 
(0.001) 

0.247*** 
(0.003) 

0.000 
(0.001) 

0.107 
(0.109) 

-0.015*** 
(0.004) 

       
Males 0.389*** 

(0.034) 
-0.006*** 

(0.001) 
0.348*** 
(0.030) 

-0.003*** 
(0.001) 

0.310 
(0.244) 

-0.017** 
(0.008) 

Females 0.330*** 
(0.028) 

-0.006*** 
(0.001) 

0.240*** 
(0.025) 

-0.000 
(0.001) 

0.233 
(0.169) 

-0.017*** 
(0.006) 

       
Males, no university degree 0.414*** 

(0.034) 
-0.005*** 

(0.001) 
0.373*** 
(0.028) 

-0.002** 
(0.001) 

0.343 
(0.244) 

-0.016** 
(0.008) 

Males, university degree 0.407*** 
(0.057) 

-0.003*** 
(0.001) 

0.406*** 
(0.077) 

-0.001 
(0.002) 

0.138 
(0.265) 

-0.018** 
(0.009) 

       



Females, no university degree 0.346*** 
(0.029) 

-0.005*** 
(0.001) 

0.253*** 
(0.026) 

0.000 
(0.000) 

0.206 
(0.173) 

-0.019*** 
(0.006) 

Females, university degree 0.303*** 
(0.054) 

-0.001 
(0.001) 

0.315*** 
(0.074) 

0.001 
(0.002) 

0.419 
(0.207) 

-0.007 
(0.007) 

       
Males, age 15-24 0.422*** 

(0.031) 
-0.009*** 

(0.001) 
0.365*** 
(0.031) 

-0.006*** 
(0.001) 

0.255 
(0.203) 

-0.022*** 
(0.007) 

Males, age 25-44 0.356*** 
(0.038) 

-0.005*** 
(0.001) 

0.341*** 
(0.035)  

-0.003*** 
(0.001) 

0.271 
(0.267) 

-0.015* 
(0.009) 

Males, age 45-64 0.325*** 
(0.048) 

-0.006*** 
(0.001) 

0.328*** 
(0.053) 

-0.005** 
(0.002) 

0.449 
(0.307) 

-0.009 
(0.010) 

       
Females, age 15-24 0.377*** 

(0.024) 
-0.011*** 

(0.001) 
0.312*** 
(0.030) 

-0.007*** 
(0.001) 

0.199* 
(0.112) 

-0.019*** 
(0.004) 

Females, age 25-44 0.290*** 
(0.033) 

-0.004*** 
(0.001) 

0.188*** 
(0.028) 

-0.002** 
(0.001) 

0.268 
(0.211) 

-0.015** 
(0.007) 

Females, age 45-64 0.279*** 
(0.042) 

-0.005*** 
(0.001) 

0.254*** 
(0.047) 

-0.001 
(0.001) 

0.196 
(0.246) 

-0.018** 
(0.008) 

       
Males, 15-24, non-enrolled 0.413*** 

(0.032) 
-0.008*** 

(0.001) 
0.377*** 
(0.038) 

-0.005*** 
(0.001) 

0.172 
(0.191) 

-0.022*** 
(0.006) 

Males, 15-24 enrolled 0.529*** 
(0.088) 

-0.007*** 
(0.002) 

0.473*** 
(0.103) 

-0.001 
(0.003) 

-0.039 
(0.515) 

-0.047*** 
(0.017) 

       
Females, 15-24, non-enrolled 0.376*** 

(0.028) 
-0.009*** 

(0.001) 
0.504*** 
(0.055) 

-0.007*** 
(0.002) 

0.129 
(0.117) 

-0.020*** 
(0.004) 

Females, 15-24, enrolled 0.431*** 
(0.069) 

-0.008*** 
(0.003) 

0.412*** 
(0.093) 

-0.005* 
(0.003) 

0.366 
(0.302) 

-0.022** 
(0.011) 

       
Newfoundland 
 

0.246*** 
(0.047) 

-0.007*** 
(0.001) 

0.235*** 
(0.061) 

-0.006*** 
 (0.002) 

0.162 
(0.227) 

-0.013 
(0.008) 



Prince Edward Island 
 

0.086 
(0.059) 

0.005*** 
(0.001) 

0.077 
(0.058) 

-0.005*** 
(0.001) 

0.219 
(0.439) 

-0.012 
(0.015) 

Nova Scotia 
 

0.257*** 
(0.041) 

-0.009*** 
(0.001) 

0.106 
(0.048) 

-0.003*** 
(0.001) 

0.040 
(0.244) 

-0.017** 
(0.008) 

New Brunswick 
 

0.051 
(0.040) 

-0.013 
(0.001) 

0.113 
(0.047) 

-0.015*** 
(0.001) 

0.038 
(0.223) 

-0.018** 
(0.008) 

Quebec 
 

0.307*** 
(0.038) 

-0.007*** 
(0.001) 

0.234 
(0.040) 

-0.002** 
(0.001) 

0.191 
(0.220) 

-0.018** 
(0.007) 

Ontario 
 

0.458*** 
(0.035) 

-0.003*** 
(0.001) 

0.376 
(0.041) 

-0.003*** 
(0.001) 

0.319* 
(0.190) 

-0.013** 
(0.006) 

Manitoba 
 

0.441*** 
(0.049) 

-0.007*** 
(0.001) 

0.341 
(0.060) 

-0.002 
(0.002) 

0.530* 
(0.280) 

-0.009 
(0.009) 

Saskatchewan 
 

0.393*** 
(0.053) 

-0.007*** 
(0.001) 

0.306 
(0.066) 

-0.002 
(0.002) 

0.181 
(0.303) 

-0.019* 
(0.010) 

Alberta 
 

0.729*** 
(0.043) 

-0.002** 
(0.001) 

0.654 
(0.048) 

0.005*** 
(0.001) 

0.466** 
(0.234) 

-0.020** 
(0.008) 

British Columbia 
 

0.420*** 
(0.042) 

-0.006*** 
(0.001) 

0.416 
(0.042) 

-0.004*** 
(0.001) 

0.609** 
(0.270) 

-0.024*** 
(0.010) 

       
       
 
Notes: The dependent variable in the regressions is )(ln tDi , where )(tDi  denotes the expected duration of unemployment. )(tURi  
denotes the seasonally unadjusted unemployment rate. Entries in the table are the coefficient estimates on the log of the seasonally 

unadjusted unemployment rate from equation (4) for each of the subgroups listed in the rows.  The coefficient estimate 
)(ln
)(ln
tUR
tD

i

i

∂
∂ is 

an elasticity. Triple asterisk denotes statistical significance at 1 percent level. Double asterisk denotes statistical significance at the 5 
percent level. Single asterisk denotes statistical significance at the 10 percent level.



Table 2: Expected Duration Regressions, Education Variables 
 
 
 

)(ln
)(ln
tUR
tD

i

i

∂
∂  

t
tDi

∂
∂ )(ln  

1976-1989   
Aggregate 0.311*** 

(0.029) 
-0.003*** 

(0.001) 
Males, grade 11 or less 
 

0.314*** 
(0.042) 

-0.006*** 
(0.002) 

Males, more than grade 11 
 

0.406*** 
(0.032) 

-0.003*** 
(0.001) 

   
Females, grade 11 or less 
 

0.170*** 
(0.038) 

-0.001 
(0.002) 

Females, more than grade 11 0.273*** 
(0.028) 

-0.001 
(0.001) 

   
1990-2006   
Aggregate 0.190** 

(0.073) 
-0.017*** 

(0.003) 
Males, did not graduate high school 0.145 

(0.128) 
-0.024*** 

(0.005) 
Males, graduated from high school 0.117 

(0.120) 
-0.017*** 

(0.005) 
   
Females, did not graduate high school 0.229** 

(0.093) 
-0.020*** 

(0.004) 
Females, graduated from high school 0.062 

(0.100) 
-0.019*** 

(0.004) 
   
   
 
 
Notes: The dependent variable in the regressions is )(ln tDi , where )(tDi  denotes the 
expected duration of unemployment. )(tURi  denotes the seasonally unadjusted 
unemployment rate. Entries in the table are the coefficient estimates on the log of the 
seasonally unadjusted unemployment rate from equation (4) for each of the subgroups 

listed in the rows.  The coefficient estimate 
)(ln
)(ln
tUR
tD

i

i

∂
∂ is an elasticity. Triple asterisk 

denotes statistical significance at 1 percent level. Double asterisk denotes statistical 
significance at the 5 percent level. Single Asterisk denotes statistical significance at the 1 
percent level.



Table 3: Entrance Share Regressions 
 
 1976-2006 1976-1996 1997-2007 
Group Coefficient 

Estimate on 
)(tURi  

Elasticity 
for 

)(tURi  

Coefficient 
Estimate on 
Time Trend 

Coefficient 
Estimate on 

)(tURi  

Elasticity 
for 

)(tURi  

Coefficient 
Estimate on 
Time Trend 

Coefficient 
Estimate 

on )(tURi  

Elasticity 
for 

)(tURi  

Coefficient 
Estimate 
on Time 
Trend 

          
Layoffs -0.000 

(0.001) 
-0.012 0.000 

(0.000) 
-0.001 
(0.001) 

-0.053 0.000 
(0.000) 

-0.007** 
(0.003) 

-0.373 -0.005*** 
(0.001) 

Job losers 0.026*** 
(0.001) 

0.650 -0.002*** 
(0.000) 

0.017*** 
(0.001) 

0.406 0.002*** 
(0.000) 

-0.011*** 
(0.003) 

-0.296 -0.007*** 
(0.001) 

Quits -0.010*** 
(0.000) 

-0.702 -0.002*** 
(0.000) 

-0.011*** 
(0.001) 

-0.777 -0.002*** 
(0.000) 

-0.000 
(0.003) 

-0.002 0.001 
(0.001) 

New entrants -0.006*** 
(0.001) 

-0.724 0.001*** 
(0.000) 

-0.000 
(0.000) 

-0.069 -0.001** 
(0.000) 

-0.013*** 
(0.002) 

-0.965 -0.005*** 
(0.001) 

Reentrants -0.010*** 
(0.001) 

-0.288 0.003*** 
(0.000) 

-0.004*** 
(0.001) 

-0.145 0.000 
(0.000) 

0.009*** 
(0.003) 

-0.195 0.016*** 
(0.001) 

          
Males 0.003*** 

(0.001) 
0.044 0.000*** 

(0.000) 
0.006*** 
(0.001) 

0.110 -0.001** 
(0.000) 

0.000 
(0.002) 

0.006 0.000 
(0.001) 

Females -0.003*** 
(0.001) 

-0.053 -0.000*** 
(0.000) 

-0.006*** 
(0.001) 

-0.130 0.001** 
(0.000) 

-0.000 
(0.001) 

-0.007 -0.000 
(0.001) 

          
Males, no 
university degree 

0.006*** 
(0.000) 

0.114 -0.003*** 
(0.000) 

0.007*** 
(0.001) 

0.154 0.000 
(0.002) 

0.000 
(0.02) 

0.001 0.001 
(0.001) 

Males, university 
degree 

-0.000*** 
(0.000) 

-0.015 0.001*** 
(0.000) 

0.000*** 
(0.000) 

0.168 0.001** 
(0.000) 

0.000 
(0.001) 

0.071 0.001 
(0.000) 

          
Females, no 
university degree 

-0.001 
(0.001) 

-0.02 -0.001*** 
(0.000) 

-0.005*** 
(0.000) 

-0.120 0.002*** 
(0.000) 

-0.001 
(0.001) 

-0.027 -0.001** 
(0.000) 

Females, 
university degree 

0.000 
(0.000) 

0.005 0.001*** 
(0.000) 

-0.000* 
(0.000) 

-0.110 0.001** 
(0.000) 

0.001 
(0.001) 

0.149 0.002*** 
(0.000) 



          
Males, age 15-24 -0.008*** 

(0.001) 
-0.304 0.003 

(0.000) 
0.000 

(0.000) 
0.012 -0.006*** 

(0.000) 
-0.005** 
(0.002) 

-0.155 0.002*** 
(0.000) 

Males, age 25-44 0.012*** 
(0.001) 

0.496 -0.001*** 
(0.000) 

0.005*** 
(0.000) 

0.233 0.004*** 
(0.000) 

0.004** 
(0.002) 

0.158 -0.004*** 
(0.000) 

Males, age 45-64 -0.001*** 
(0.000) 

-0.114 0.003*** 
(0.000) 

0.001 
(0.001) 

0.067 0.001** 
(0.000) 

0.001 
(0.001) 

0.059 0.002*** 
(0.000) 

          
Females, age 15-
24 

-0.008*** 
(0.006) 

-0.371 -0.002 
(0.000) 

-0.003*** 
(0.001) 

-0.140 -0.004*** 
(0.000) 

-0.003*** 
(0.001) 

-0.134 0.001** 
(0.000) 

Females, age 25-
44 

0.006*** 
(0.001) 

0.276 0.001*** 
(0.000) 

-0.002*** 
(0.000) 

-0.107 0.004*** 
(0.000) 

0.002* 
(0.001) 

-0.090 -0.005*** 
(0.001) 

Females, age 45-
64 

-0.001*** 
(0.000) 

-0.167 0.002 
(0.000) 

-0.001** 
(0.000) 

-0.180 0.002** 
(0.000) 

0.000 
(0.011) 

0.032 0.003*** 
(0.000) 

          
Males, 15-24, 
non-enrolled 

-0.005*** 
(0.001) 

-0.261 -0.005*** 
(0.000) 

0.001 
(0.001) 

0.037 -0.007*** 
(0.000) 

-0.001 
(0.001) 

-0.032 0.001** 
(0.000) 

Males, 15-24 
enrolled 

-0.003*** 
(0.000) 

-0.423 0.002*** 
(0.000) 

-0.000 
(0.000) 

-0.097 0.001** 
(0.000) 

-0.004*** 
(0.001) 

-0.372 0.001** 
(0.000) 

          
Females, 15-24, 
non-enrolled 

-0.005*** 
(0.001) 

-0.327 -0.004*** 
(0.000) 

-0.002*** 
(0.000) 

-0.120 -0.005*** 
(0.000) 

-0.000 
(0.000) 

-0.005 -0.001 
(0.001) 

Females, 15-24, 
enrolled 

-0.003*** 
(0.000) 

-0.472 0.002*** 
(0.000) 

-0.001*** 
(0.000) 

-0.170 0.001** 
(0.000) 

-0.003*** 
(0.001) 

-0.268 0.002*** 
(0.000) 

          
Newfoundland 
 

-0.000 
(0.000) 

-0.044 -0.001** 
(0.000) 

-0.001 
(0.001) 

-0.083 -0.001 
(0.001) 

0.000 
(0.001) 

0.021 0.000 
(0.000) 

Prince Edward 
Island 

0.001*** 
(0.000) 

0.164 0.000*** 
(0.000) 

-0.001 
(0.001) 

-0.345 -0.001 
(0.001) 

-0.002** 
(0.001) 

-0.328 -0.001** 
(0.000) 

Nova Scotia 
 

0.001** 
(0.000) 

0.108 -0.000 
(0.000) 

-0.000 
(0.001) 

-0.008 -0.000 
(0.000) 

-0.002* 
(0.001) 

-0.207 -0.003*** 
(0.000) 

New Brunswick 
 

0.000 
(0.000) 

0.047 -0.001** 
(0.000) 

-0.001* 
(0.001) 

-0.090 -0.000** 
(0.000) 

0.003*** 
(0.001) 

0.355 -0.001** 
(0.000) 



Quebec 
 

-0.002*** 
(0.000) 

-0.099 0.001** 
(0.000) 

-0.001 
(0.001) 

-0.083 -0.000 
(0.000) 

0.005** 
(0.002) 

0.177 -0.000 
(0.000) 

Ontario 
 

-0.000 
(0.000) 

-0.000 0.003*** 
(0.000) 

0.001 
(0.001) 

0.069 -0.003*** 
(0.000) 

0.000 
(0.003) 

0.015 0.004*** 
(0.001) 

Manitoba 
 

-0.000 
(0.000) 

-0.099 -0.000*** 
(0.000) 

-0.000 
(0.000) 

-0.083 -0.000*** 
(0.000) 

0.000 
(0.003) 

0.177 0.000 
(0.000) 

Saskatchewan 
 

0.000 
(0.000) 

0.072 -0.000*** 
(0.000) 

0.001* 
(0.001) 

0.137 -0.000** 
(0.000) 

-0.003*** 
(0.001) 

-0.415 -0.001** 
(0.000) 

Alberta 
 

0.002** 
(0.000) 

0.143 -0.001** 
(0.000) 

0.002*** 
(0.000) 

0.132 -0.001** 
(0.000) 

0.002 
(0.002) 

0.179 0.002*** 
(0.000) 

British Columbia 
 

-0.001 
(0.000) 

-0.114 -0.001** 
(0.000) 

0.000 
(0.000) 

0.027 -0.002*** 
(0.000) 

-0.004*** 
(0.001) 

-0.277 0.000 
(0.000) 

          
          
 
Notes: The dependent variable in the regression is ( )tsi , the entrance share of group i. )(tURi  denotes seasonally unadjusted 
unemployment rate. The entries in the tables are coefficient estimates for the seasonally unadjusted unemployment rate from equation 
(5) for each of the groups that are listed in the table rows. Elasticities are computed at the mean. Triple asterisk denotes statistical 
significance at the 1 percent level. Double asterisk denotes statistical significance at the 5 percent level. Single asterisk denotes 
statistical significance at the 10 percent level.  



Table 4: Entrance Share Regressions, Education Variables 
 
 
 Coefficient 

Estimate on 
)(tURi  

Elasticity for 
)(tURi  

Coefficient 
Estimate on Time 

Trend 
1976-1989    
    
Males, grade 11 or less 
 

-0.002*** 
(0.000) 

-0.082 -0.007*** 
(0.000) 

Males, more than grade 11 
 

0.009*** 
(0.000) 

0.291 0.004*** 
(0.000) 

    
Females, grade 11 or less 
 

-0.004*** 
(0.000) 

-0.240 -0.003*** 
(0.000) 

Females, more than grade 11 -0.002*** 
(0.000) 

-0.070 0.005*** 
(0.001) 

    
1990-2006    
    
Males, did not graduate high 
school 

-0.006 
(0.005) 

-0.220 -0.005*** 
(0.002) 

Males, graduated from high 
school 

-0.004* 
(0.002) 

-0.108 0.004*** 
(0.001) 

    
Females, did not graduate high 
school 

-0.008*** 
(0.002) 

-0.442 -0.004*** 
(0.001) 

Females, graduated from high 
school 

0.004* 
(0.002) 

-0.105 0.002*** 
(0.000) 

    
    
 
Notes: The dependent variable in the regression is ( )tsi , the entrance share of group i. 

)(tURi  denotes seasonally unadjusted unemployment rate. The entries in the tables are 
coefficient estimates on the seasonally unadjusted unemployment rate from equation (5) 
for each of the groups that are listed in the table rows. The elasticities are computed at the 
mean. Triple asterisk denotes statistical significance at the 1 percent level. Double 
asterisk denotes statistical significance at the 5 percent level. Single asterisk denotes 
statistical significance at the 10 percent level.  
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